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[ Abstract] The incidence and mortality of breast cancer are increasing year by year in China, which seriously endangers
the physical and mental health of Chinese women. Ultrasound examination is real-time, non-invasive, and sensitive to dense
breast tissues. At present, it has become an important means of breast cancer screening and routine breast examination for
women in China. In recent years, many new techniques have been developed to make up for the deficiency of conventional
ultrasound. Automated breast volume scanner is a fully automatic 3D imaging technology, which clearly displays the coronal
plane of breast lesions. Elastosonography is capable of qualitatively and quantitatively evaluating the stiffness of breast lesions
in real time. Contrast-enhanced ultrasound imaging can sensitively capture low-speed blood flow signal and improve the de-
tection rate of early breast cancer. Ultrasound-guided diffuse optical tomography is used to distinguish benign from malignant
breast lesions and evaluate the therapeutic effect based on the concentration of hemoglobin in the tissues. Artificial intelli-
gence diagnosis is based on big data and deep learning, which is capable of capturing detailed information invisible to human
eyes and achieving more objective and accurate diagnosis. At present, S-detect, an artificial intelligence-aided diagnosis sys-

tem for breast lesions grafted on ultrasound instrument has

been put into clinical application. In this paper, the latest
(R E/]  2020-04-07 [f2EIR#] 2020-07-05 advances of the above techniques and their application in the

ERAMEE]  ° 246, E-mail :2646748175@ qq. com diagnosis of benign and malignant breast lesions are summa-
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